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Abstract: Prompt tone is a common input variation in the use of large language models, but its influence is not limited to
final answer accuracy. Using text-only multiple-choice questions from the 2023-2025 Zhejiang examinations as
standardized educational assessment tasks, this study constructs a unified prompt-tone testing framework for three
Chinese large language models: DeepSeek, Doubao and Qwen. With question content and output format held constant,
only the politeness level of the prompt is varied. Model responses are compared in terms of accuracy, token cost and visible
answer structure. The results show no simple linear relationship between tone and accuracy. Within the tasks examined,
Polite is the only condition that does not underperform Neutral on any of the three models. Compared with accuracy,
token use and visible answer structure respond more clearly to tone, although the direction of change remains model-
dependent. The results provide experimental evidence for prompt-engineering courses, general education on large
language models and student guidelines for Al-tool use.
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