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Abstract— Nowadays, various teaching modes such as MOOC, live teaching, and blending teaching have emerged one
after another. These new teaching models are mostly based on online learning, and compared to traditional classroom
teaching, the learning environment for learners has undergone significant changes. Therefore, the discussion on the
factors affecting the learning effect of learners under the new teaching mode has once again become a research hotspot
at this stage. The paper relies on a survey questionnaire to collect data on students' basic information, learning
environment, learning attitude, and online learning behavior. Through data analysis methods, it attempts to identify
the main factors that affect the learning effect of learners. This study takes over 800 undergraduate students from 29
natural classes in a certain semester of 2020. They are from science and engineering majors in a certain university.
Based on the final exam scores in the advanced language programming course of that semester, data mining methods
are used to analyze and study the factors affecting their learning effect. The conclusion that online learning
performance features have the most significant impact on learner learning outcomes is ultimately obtained, and the
importance scores of each feature are given using feature selection methods.

Keywords— Online learning, Learning environment, Feature selection, Learning behavior
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