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Abstract—Association rule algorithm is one of the important methods for mining the hidden value of data. This paper
investigates the application of association rules in the field of atmospheric environment. Firstly, web of sciences related
database are used to analyze the research trends of association rules in the atmospheric environment. Then, the working
principles and evaluation indicators of two major categories of association rules: interest based exhaustive methods and
heuristic based methods are compared and analyzed. Finally, the sources of atmospheric pollutant monitoring data are
listed, specific research examples of association rules in the analysis and prediction of air pollution factors are introduced.
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