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Abstract—In order to construct a real-time computing platform for processing stream data and batch data
simultaneously; Using experimental verification and comprehensive analysis methods; Experiments were conducted to
compare Flink with spark structured streaming, deploy it on Yan, combine Flink with spring, and Flink asynchronously
does not support the use of keyedstate and Flink CEP; Get the result that Flink can organically integrate stream
processing and batch processing; It is concluded that Flink meets the requirements of low latency, exactly once guarantee,
high throughput and efficient processing.
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