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Abstract—In the era of big data, computer vision, as an emerging technology, is still in the stage of exploration and
construction for its curriculum training system. There is a lack of autonomous and controllable teaching cases of
thermal imaging personnel identity and behavior recognition in the current curriculum system. In view of the problems
that the current identity recognition and behavior analysis technology mainly uses visible light information, is
vulnerable to bad weather and environmental impact, and is developed based on foreign deep learning platforms,
based on the domestic Baidu PaddlePaddle deep learning framework, combined with infrared thermal imaging
technology and deep learning algorithm, through the secondary development of thermal imager, a teaching case of
target behavior and identity recognition technology based on real-time recognition of thermal imager is proposed, On
the basis of real-time behavior recognition, face detection and face image acquisition functions are added, and face
recognition is cascaded with the secondary network face recognition network. This teaching case improves students'
thinking and hands-on ability, and the teaching effect is good, which is conducive to students' learning other artificial

intelligence related courses.

Keywords—Baidu PaddlePaddle, Infrared thermal imaging, Identity identification
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