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Abstract—According to the requirements of micro vehicle driving control, the technologies of deep learning and image
recognition are applied to the design of adaptive cruise system of micro intelligent vehicle. The convolution neural
network algorithm and its optimization method based on deep learning technology, vehicle control algorithm and image
recognition algorithm are proposed to realize automatic driving, obstacle recognition and avoidance on micro road. The
results of data acquisition, system training and automatic driving test of miniature intelligent vehicle show that the
design of relevant algorithm are feasible and effective. The proposed ''perception-decision-control* scheme can be

applied to the control of small vehicles and intelligent robots.
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